KR A .
N TRRE Y RN Jm P Sk 22 5 i

W E ARRAIFGBEEZRAY -RAXABY, FEHEL ZWFREAL, BANANEEREY . &
FROWREFRR R HEN R, IR R ES, HEXABUELARTT R TREEMUAR
HULE . BEFFRAE, A2 Gk AEAF L ZWREH B, BLRAARELFREAFHLLF
FRA TERAATH R 2T NN ZTEFTRRR GO A, U AEA R AR EN Ea, BAEHNEL
EEFHEEFHRRELE, RENAEN, XUEFEHL2XRREZAXBIANBAEL W, TRIA: £
BAALERABRALRKBEERTHARAENE, FAEBETH - RAIZRNET. B S HLRER
K, BHFH2EFERTHITELLH R,

KER AHA ERRAARE ERXATHE Hyitsd

s

EEBY, BRAFHLFREEAN LR CIHE R 210023); KAk, BEAFRELFRAKZ, HEAFT
EXRABFAFEREZ TR LR (L% 210023)

HESEE 91 XERFRIRAD A NXEHS 0439-8041(2026)02-0015-16

—. AEERKTHHFHSF

KEHY (Large Model, LM) JEi4foke N T4 BTSN B2 HORGEME, $5i8 i AbHAN 2% 2] g HiHa )1 2k
OSSR, XSG (TR S RS, THA S B EBUCH S B, th TSHE R, REAIEH
MR R BEEL, RUEBOR R IEGAS] —E RS, ST/ MR A RE )y, dEmi B
AR REY IT—IC A M N TR BE AT GPT-40 JJyf®, IEUN Omni (£RERY) —ialFFmE R AY,
HZHIMRAHEL, GPT-40 NMUBBIEAL I SCAKI A, IORE H AN, X & 45 i R S 2 B8 L &, 4
BN Z RN ZE . bR E N TR R A N 2R KB EE L, W —% AT E45I AT “Her
B S ANATEA S, A SR TG M4 T EAE S 2 s/ 32 B AR AL g, IR AR I B, iEA
KA, SRR FIE 2 & R KA

S RIETRINE S BB ER & “ AN TERAEMRMNE”  (Artificial Intelligence Generated Content, AIGC) =Y
“HMEATEEE” (Generative Artificial Intelligence, GAT), FZIE—FFIHATE AR B shib A A BT

@ Wei, J., Tay, Y., Bommasani, R., et al., “Emergent Abilities of Large Language Models, " arXiv preprint arXiv: 2206. 07682, 2022.

@ fEASCHEIRT, ChatGPT A A RN TIRSS, GPT #51 (41 GPT-4o, GPT-4, GPT-3.54F) RJR/EMBLABEL, [Fl—4>n;
M (ChatGPT) FEAIFFHHECAR A, AT RE S A FRY GPT BEBUAEy HAE AR

® “Her B MYULEEARILTRRE (i) (Her), FHLMEM AL CRRAIRE S AJSHITEN . AR H &AM 2SS H A E
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AIFTA 7Y AN AR R I AIG T4 H R R R 2006 T R s AR R ™ s R0, A=
RN AEREE A — | ez RE M, XMERUESR AR 2T R i A QN T RECE R L E R 2
BOWBE RIS R T RE T, REME SRR AR A ShiR B, BRARIE S, FFA R BE R . A A1 119
WE o AR A RN TR REA TR BT e S a1 55, MR R T o, 2R84 g
FEK L3 A A B, RS Y (Large Language Model, LLM) HefE7EE 5 SCARE ISR, %
TE TR AR BT 5 TR IR, J2& 2T LM GAT & JR B . N B VZ A0 a3 3 R TP
LR RETIC B ZHESRE ST, (FOHSERIE S IIREUIA T RIE SRR EAR A

ASCHIBARIER ST TR T IR A AN TR RE . B UMER AN TR BEBOR, T RBR g A X
AL LU R S—, AR LSRN TR RERS AL L T A e e 9 702 L UM s H AL
%, BAUIRRSRAIEYE. MR SRR 22 T RE I ANZALRE S, A PHR R T2 B4R, 12
REAS [ o > AE N R SO AT 55, SCBLRE T 2 AR BRI o 30K oA A R Al g 323 1 3o N T3 RE A B 22
—Ho W, AU AN TR BEERE AL SR ML 2T 55, 1) 5O SRR ) B3 A A ST
G o TITAE R PN A S B SR i R B3t o T L A SR i R o AR R R eyt BRARER T —
A P FA LR AR B o 5=, S E bk, IRISARYIIRAE, BNEE PN, HR2RSMAEE,
RAERIGERE T HATREIF I8 5 AL SCHAEORBER, RIGREAR T RATIME, 3270 TR I B3R, §7K
THRAEREEE . S0, BGENE, IR T @GRS SN RS, EREBRIEARL S MIREE, 45
PRI R AR, AW T AR, IR RSN . HA R ME N A

B2 R IR P AR AR 2 R R BB B, AR HOR B9 2 -5 BTN 52 )4t 25 5
IR Y AR — RSB HOR, KR SRR U — TR, R Ja P B A R 2 k2
BATHLHRIAE Ty o RS, BRIE . HERE, 165 . DO, TGS R B 5 A MR AR AE, (i
HAMURE R TR, Wy A —E A E0EM R, 8ES R mRER ALz,
P, RESED AR RMAAE T TR L 4R ATy R T RE L B R LA Ry 2 2 VB B R ALE
XAPUCAECF A2 AW B TR RIS SO, I35 200 S PHEBE A B R IR 256, HRSRIUTE .
B, AR, N BN AT B CHORITEIET L BRSNS TS MR ORI
N TR, SE PR AU AL R R B2 AR Bk 2R i PR 1, X ORI A S
AL BT st 222 iriiEZe . 55—, AL BUIJEE, AL AR RRE T A T — R R ) 2R A
PR o AT RYAE SRR J00d i Rk IS FA P LG A A A5 30058 . AR R T = SCAIE 2P, Mo
ARSI TR ORI Z A EA , OB (8P fE 2 UK BRI AITE TR, DIHR/R X
MRREAC AR = IR AL . 6=, FEHE KRR, N “AEAEET 3 AP ST 5.,
N5 AL Z [ H 3 R E AV B SETE R M oA A RS IR 2 e S, 2R TR APLAL 21,
PRECEFRA TR IS | AR Y =S RS R AR A B . X ZORBCT A 22 BOT U6 ™ ok A NS T BE
WAL RRF ML RRE SO 2, RREANIIEA S BATE S5 /e BRA I

B 1R T eSO DRI EAL 2R A U N 1 AT A AR N T BE R AT SGIR SCRUR 84k, G
SCREAE 2023 4R 2024 AR 2R BT, REBONBEE AR, JERBUEA M EM Y FEPIE, SR
RUT REAAL IR IEAT T3 Z IR ATIEVERRR @48 A OB AT ICRE B B2 7 R L TR, Ak

HEEREGHRPE: (ATERAERNS (AIGC) FHEF (2022 4F) ), 2022 4,

Ky, EEF: (CRBEIR: ARMAER W ), (EiE) 2024 4655 1 ],

B—FE, EME: by EEREF TR, RRSRE), GEa2Eiis) 2023 4445 2 1,

HSCEARRIE T BRI, R AR R AR A N T AR AR R AL/ RIE F AT ChatGPT/AIGC” , # ZK U8 CSSCT
W], FESCHHE K R T Web of Science #% .0 546, MR &M N 38 “Large Language Model/ generative ai/ generative artificial
intelligence/ ChatGPT/ AIGC”, fZKAI N Article, SCHRIPZENFE SR, KR H N 2024 4210 H 27 H

AT ( “ChatGPT, {RIEAF?” ——1 ChatGPT #7id AIGC P AW EENT) , (FREGHNG) 2023 4E45 3 101, sKEIE . HIF.
(RGN TR RERORIRBE R BT A M BL: MMERZ . BITHI S SEifte) . (R FIBss) 2024 47505 4 4, JBHHAR. BESR. #3C
. (ChatGPT 254 s T BEEARX AL BT R ), (& TFIFE) 2024 458 1,

®eoe

@
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AR EPUB SRS BOART I E Y, A A U] B A ABLG R FIAE 2206 R, RBRD IR
PERMERRIE R HOR® , KRBT BB SR A TR AE KUK B OHR B SRAE Y, EIEIRANAT, 1A N T e
PEHIREAL RN R E A EL I P TR He— AR ORBERE A . AR Z R BATZE AR
o750 RATER R BRSPS, A REXS A REF= A AL 2500 . MR BE MR AT A AR Y
RATNT . H T, U7 X — S WA 3= SIS SR A RN LAG ? VU= FE R B B A2 X
K57, SR TAVAENENIIS SRR, RRlEIHE T —RI75 FRSSERTTE . XEemtsnT Loy
AR P EAHR T I R WA 2%, WEAF T MG Ueiim, a2,
Bkt esna S R RE | SCICReBT . bt R REEUHISS &, B b lE A BRI R

1600
1200
800
400
0 ==

2016 2017 2018 2019 2020 2021 2022 2023 2024
] ee@es wos

B1 et BTERIETHETN

P, AR S o SCRR Rl AT 2, BN U 0 T LAF VU J7 BT R BRI N s 1 Bk 2 i ) 70 S 2
AU Sl [ N AN SE IR BOXT i, SAoR R AR AR AL ) Ak 200 BRAIAR S U P AL 2 2 M R R R i 255
AT LHEANE « 55 A PHe A ORI R N R P, 255 VU7 SRR S, MBS AW kitT R
AR . AR S AR AR AR . RS 5 S O AR (R =07 T A5 R RN R e 26
=WEEE IR NRYE, WA OB AL 252, IORBER R A5t . Bf . S0k, AEa R RS
D7 G R RN EZ MY BAME RN, DUPI UL . BRARFIIE AL BORSE BtAE B2 2%
R R S T AR

= ERAKRRENEANBE

KM Z T LLRES | KT 2 MR Z AL 2 4, HOE R N 2 — 18 A PR AT 25 75 T -5 2K i AT
L, HRAWREE ST, HIRE TAL e, R SR )RS, AR R AR N 1
AT AR N HUR TR DL AE 2 KA BE E R AR AT 07 50, WM B 7R LS AT "
ABFFE®, B LR AR AP RN, sl W AR AL A A5 FLSAL e DL AT X LE, fedfiy i K
BIFEA S S P IR AR . Hik—2, KRR R N IEE— D Z 2RI S, RIECA SR, A
SORMATELN =AY Z TN AR . Ho—, A7 RERRUZ 1, KB A sy N ATETE 30, U Ty =LA S

@ B3, ety CobEEESAERRATERMMES T, (TLRaRAE) 2024 4255 1 %3 (W ChatGPT ) Sora:
MYUBSIEEN B ), CREZEBIY) 2024 4F55 8 109, fLAEEL. 5. (M A TERMWEIVBARE.: L. K&
SR ——M ChatGPT $] Sora) , (HRZR) 2024 455 4 ],

@ L. BRPEEA: ( CANLEAT RIS RIS fEl—IE T ORI BRMNELE), RINRZEM (st afby
JR) ) 2023 AR5 5 5 BRER: CEBETE XGRS BRI . JOERMS AR AL 5 30W) , GRrIst) 2024 4555 2 1],

® g (ARG TR R MPVE P SRR RN . CHOABHIEERITY) 2024 4F45 3 101, X8, RV, 4R (AT
BIREAE U B HA FIRA - SRR M) , CFRALE) 2023 4555 7 1,

@ Xt RGBSR RS S RUHESL) , CITBUEEBIE) 2024 4R55 2 )5 ERF: (ChaGPT 5 A TEAERX:
G W SREL) , CRILIMAFAR (EHAL2RERD ) 2023 4£55 4 015 B3t 0% (BUMARIT M ERAN e RE: 28
PRER SR , (P ETTBAT L) 2023 R4 9 1.

& Rahwan, L., Cebrian, M., Obradovich, N., et al., “Machine Behaviour, ” Nature, 568(7753), 2019, pp. 477-486.
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N —BREEY; B, INHEEZ I, FEMUnlBin, GBI 2 R IS A0 Sk B AR s R
B, WEEOERE, EEEA A EEIR, HRMARANE SUZ MRS . L, AT RS A0
FUBARRINE . AEEGERARRINE . ARIE R OR BRI =20, RIR W E G RBR 28 N g k.

(—) KB 5 A LI E M AR

VE R A N TR RE, BRI N AR T 5 AN R A BRI — Btk B8 wiF g vt e kAT 1 U
e —LepFsEdE i, KRR RERS AR AP A S AR JZ & . FEINTEBOE LA |, dd it 45 58 487 1)
ERBERIRER A R S IR 2R EN G, B RS Hr 45 R R, KA RETE WA iR B 5 AR+ — 3L,
I HAE T RIRIE GRS . Wb i PR AR5 20 10 55 TR 2 R I WA 4R B AR 5 N ZRAE R AL [FIRE, 38
TER LR A R P O REAS BRI AFAE (ANt . RO . ARIE . HLIX . SEUREE N CAERRE) VRSN ARR TRl AR
BB, BRI “REREAT, IR NS R R, OB BA 5 TR S B B R
AR ) AT = B AR (e

WA, SRR A R w] IR R AR AR PG i) . DL GPT-4 5], 4 EAE R PEH vF
AT 5 AR A R BUET,  REASARLT M 57 Ay, HOTN A5 5 AW — B 1 80% ' ik —
W, KEERIRE AN TAT IR Bh/R S8 AN RIE S BRI, b Rt i 2 AT o S0, 54
Uropn) “EJEEREEZE g (M A PG HEAT )« A ORI CORRRg R T g (BRI
MAUEAT ) « OHEFEM AR e (A FRR ) S, DRGSR R RE SRR G
HORERL T NZRA T LI 25 ©

AT 5 N5 ) = B — B , SR ARER S AT Ui o 58 T 38R 1l 5l 8 A AR I 1 St
R AN AEA S A, WAl DMER “REN” EAE SR TP RRR R N AT R, fERESEA
FATRAACHLD , PHEOR R E S AR TBOR SE I sk B . (H A BT 5 RO b Hh AR S A A5 38 P 4%
P MRS 4R BRI, KRB [l 2 R 2 T AR S D 5 (HLZE LA B A e/ Rk
GO S <1 e RPN S & W KR R 1 U S = AR 2 R o d < U N = B8 B s AN & )
“EBMERR L

BLSLINGI NFSEALL, AN AEEE RS BA T AL, IR T RIEZ BN S g 5, fE—&
AR P R SR 3C B . SO PR R . BN, B AR KA T — R OROE SRR AR AT N R B
RS CALDNET ) AR GEH 25 NSRRI, TATE AR tp AL m AR T L TAE A AR .
AR AR AR REAR SR AL A B, SHABR BRI D), MRS, OB B 5170 1 hE
71,0 [FREH, AR IR ER T A KR A A H s AR AE AR, i e SO SEAR T SR (AL
B ARMOIRBEFNRE K)o IEBCRAS LA BRI R h R R B R R, SR AR BRI Y H A3 15 3l

@® Turing A M., “Computing Machinery and Intelligence, ” in Parsing the Turing Test: Philosophical and Methodological Issues in the Quest for the
Thinking Computer, Dordrecht: Springer Netherlands, 2007, pp. 23-65.

@ Searle, J. R., “Minds, Brains, and Programs, ” Behavioral and Brain Sciences, 3(3), 1980, pp. 417-424.

@ Chalmers, D. J., “Facing up to the Problem of Consciousness,” Journal of Consciousness Studies,2(3), 1995, pp. 200-219.

@ Argyle, L. P., Busby, E. C., Fulda, N., et al., “Out of One, Many: Using Language Models to Simulate Human Samples, ” Political Analysis,31(3),
2023, pp. 337-351.

3 Zheng, L., Chiang, W. L., Sheng, Y., et al., “Judging LLM-as-a-judge with Mt-bench and Chatbot Arena,” Advances in Neural Information
Processing Systems, 36,2023, pp. 46595-46623.

©© Abher, G. V., Arriaga, R. L, Kalai, A. T., “Using Large Language Models to Simulate Multiple Humans and Replicate Human Subject Studies, ” in
International Conference on Machine Learning, PMLR, 2023, pp. 337-371.

(@ Horton, J. J., “Large Language Models as Simulated Economic Agents: What Can We Learn from Homo Silicus?” National Bureau of Economic
Research, No. w31122, 2023.

® Chen, Y., Kirshner, S. N., Ovchinnikov, A., et al., “A Manager and an Al Walk into a Bar: Does ChatGPT Make Biased Decisions Like We Do?”
Manufacturing & Service Operations Management, 27(2), 2025, pp. 354-368.

@ Park, J. S., O'Brien, J., Cai, C. J., et al., “Generative Agents: Interactive Simulacra of Human Behavior,” Proceedings of the 36th Annual ACM
Symposium on User Interface Software and Technology, 2023, pp. 1-22.
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FIAEZE X5 O HE SRS R R R SR T, KRBT & 2 07 B8 R R BN 26470, B
X BT R (Y i R T B LA, 2R BRI (] — & MU AT 2 8, ek Ak BN B
SN o R BRI REMA T I IRRE, R RER BB S, R IR A T WA, IR
Mo S AN T Z X SN A By, SRS AT A5 AR T MBSl SR, Hh T ORBEREAR BRI
SR IIRETT ATAERR], O THh0R AT ACEERERS L 1IN 8] B5 5 N AERF T oM I — EPE AN BTE, ARG IR
Zz ANAF IR AEBOR T BORME S REA R I I BE

(=) RBEA L ARG Yt

SR, KR S BT IO AR R Ak e, BT RBIRE A e, (HAHF AL
MEEREST P AU, BRI ) AN R B RS T 2 ARG R BE ), TR S ot
7 R B S A SAA AT R o KRR R RER AR — R85 7 BEA WHE 2 RBERUE B RE )y . 81
it AR TS AT I

L ABAWREES

R HCHERR YA o N A 7 A%, TR AN AR AT, 38 a5 AR X G 1 DL 25 44 £k
P, HERRHUBIRIEAYRE ST © SO AL b, IR BUOA MR REAE £ B (T BN 2R O T A T 2R AR
OB R RE T o MSRHTTERW, KR RES ARG 3t 58 BB P RE | SORHERE | 155 HE B RIS HE B A K L
IR 55, HAEMGAIRGriE, REESHLT RS ILECHE: 2 A MRE )1 SRTT, AR T
FIAZEE. B, AOSTRARRIRRRIR “ Rz N AL, ik M AR, R4, RZELRE 2
DAIR Y XA EATHERE, S BRI (] S ) b AP e E BRI . AN, B IR A i P
AR, SROEHE AL A AR AR A SR IR BB MR RS, I U B A B R SR B 2 AR IR AIE A1 G
AR A PR RO R AR, AR A KA ST RS A O £ S A A R A ©

Sebr b, HEREAEAR S G ZAYERE, BARFEOEIR HARFIXTR . SRR L . RN YEEER AL
—EMZES, WL, ARPFFER T RENe i —E M2, Bt GPT-3.5 5, 7etuffss, 109y, Wi,
DR B s HEBRAE N MBI, PP ERG R 63.41% , R EAEHERE S5 BRI A 0
@ R, HAESARAERE | AANHER | ASIRERE LS 2 D HE BT RO TSs s ML T, fEIERIHERT | i
CEAERE . WD | H YR K A ) AR A U U R BAR G

BEAh, SRt it KA L 4 PERE T oA F 20 . $RR TR R ZERE  (Chain of Thought) 5%
T DL AR o A R R (BB ) NS R T R o AR, RS 0 1 $R s TR s S ] R 51 2
BRI R, 51 S BRI A BT 5 i o B /0N o ST PG A R, DT SERS o e LA [ 14 5 2
FIEMGE AL O [, A TE RS RN “1hBAT—2— %" (Let's think step by step) FfE7R, 25Xt

@ Wang, Z., Chiu, Y. Y., Chiu, Y. C., “Humanoid Agents: Platform for Simulating Human-Like Generative Agents,” arXiv preprint arXiv: 2310. 05418,
2023.

@ Mitchell, M., “Abstraction and Analogy-making in Artificial Intelligence,” Annals of the New York Academy of Sciences, 1505(1), 2021, pp. 79—
101.

@ Holyoak, K. J., Morrison, R. G., The Oxford Handbook of Thinking and Reasoning, New York: Oxford University Press, 2012.

@ Webb, T., Holyoak, K. J., Lu, H., “Emergent Analogical Reasoning in Large Language Models, ” Nature Human Behaviour, 7(9), 2023, pp. 1526~
1541; Chang, Y., Wang, X., Wang, J., et al., “A Survey on Evaluation of Large Language Models,” ACM Transactions on Intelligent Systems and
Technology, 15(3), 2024, pp. 1 —45; Binz, M., Schulz, E., “Using Cognitive Psychology to Understand GPT-3,” Proceedings of the National
Academy of Sciences, 120(6), 2023, pp. €2218523120.

& Nezhurina, M., Cipolina-Kun, L., Cherti, M., et al., “Alice in Wonderland: Simple Tasks Showing Complete Reasoning Breakdown in State-of-the-
Art Large Language Models, ” arXiv preprint arXiv: 2406. 02061, 2024.

©® Binz, M., Schulz, E., “Using Cognitive Psychology to Understand GPT-3,” Proceedings of the National Academy of Sciences, 120 (6), 2023,
pp- €2218523120.

(@ Bang, Y., Cahyawijaya, S., Lee, N., et al., “A Multitask, Multilingual, Multimodal FEvaluation of Chatgpt on Reasoning, Hallucination, and
Interactivity, ” arXiv preprint arXiv: 2302. 04023, 2023.

® Wei, J., Wang, X., Schuurmans, D., et al., “Chain-of-thought Prompting Elicits Reasoning in Large Language Models,” Advances in Neural
Information Processing Systems, 35,2022, pp. 24824-24837.
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ARG FER IR U T3, BRI U A HE I 7 35005 S R 25 58

2. AEAMAER D .

W) SCRHE/RE R, AR =2, FIEERE . IS H MR RE, MRS RPN R R R
[l s e MESE B B BT A5 Y A R OR M R 15 R AR R I R I F 5 o T B A i it ik
(Alternative Uses Test) X ChatGPT 813/ F9IIASS R o, R RBIRIRY QGRS NEDRIEZ], (HIEik
BRI JKF.® BExd GPT-4 TG i MR 4EN L (Torrance Tests of Creative Thinking) 45
RN, FBRIARE ™ A KR HAA R RS A R A 1, L REAS e SR B2 T ™ A e i . B ARSI R
Wik, JF RIS AK©

R AR B SRR S5 A TGP U AT RE DR S Fi A 28 8 10 45 IR A SR I
AR 22, (R R BB IR LN 2, BT [ E Y RE INRRN], AR R B AR T
PE, IERMSLIEAE, A B A R 3 E AU I 45458 2R SNl AT ] TR B py P 2 S B
BEAh, RBERJEHAR ™ A it QB A, AR A8 ARSI A IO B 3 it 0 i MRS af P
PG SRS, JRI BN R TR Wi UAs &, RSEIaE i .

WrHAR R R DFTERE— 2D S ORI E R ) AR OB AR ) B R AR BT b TR
BREMRMOE, (AABIEE R SER, U 8T T A R, SEAT & BUA BT M B i 5
T, REESEITEQ] A AP A SO 1 i TR Ba e A 4 | O AR B s . BRI oRad
FAEREL S S SRR I sl AR A L S BRI TR R A 6 (Rl A AR 2 [ X 5 A
AE . E M AR AL Y 1l 3 ) ©

3. AEAMEMRE,

HPEPSRRE ) T RRBIRE R REB LR G IEA MM T R R, 1E4E R F LRI OU T i R AL RELE B
RO . eI PP L, LLM BERBAE IS AR RLI T S0 5 I dr PR ok, I HERAEAG 5™ SRR PR A A%
M SRR (WTP) J7ihr; (HHPRSRAE R R % 7 A S S D5 T T3 A SR BR o TRIIF 3 e o) DA 8] 5 45
PEBOTOR , T LABE— 2D i AR S A Al 19 AT S e i — B0t O RS PR R T4t
1109, BIEME RGOSR, 7EIERIRE, BABIERY, AR B R A A O | vk
AL TP E R B 52 IR S S BRI RS U HAE S R IR D, AL E 5 A
o TSRS, RRSIE AT (A A B A SR PRI S5, AR iA R ok i B . OB AR Y T
PARGIE S EE R AR A, ARSI B S P A T 3 2 AR S AR S RII, RER p e E A o
AN AN TR 2 & ORTER 1), AT RERORIEA IE i DL 5 45 A PEAS 45, 0B SR A TE PR T e
Phil

THIBERI PRI NIGRIAMIRAFAE X o A 27 WAl T GPT-3. 5-Turbo 7E3F S XU PSR (4558 [ml 4 5

@O Wang, F. Y., Miao, Q., Li, X, et al., “What does ChatGPT say: The DAO from Algorithmic Intelligence to Linguistic Intelligence,” IEEE/CAA
Journal of Automatica Sinica, 10(3), 2023, pp. 575-579.

@ Stevenson, C., Smal, I., Baas, M., et al., “Putting GPT-3’s Creativity to the (alternative uses) Test,” arXiv preprint arXiv: 2206. 08932, 2022.

® Guzik, E. E., Byrge, C., Gilde, C., “The Originality of Machines: Al Takes the Torrance Test,” Journal of Creativity, 33(3), 2023.

@ Lee, B. C., Chung, J., “An Empirical Investigation of the Impact of ChatGPT on Creativity, ” Nature Human Behaviour, 8(10), 2024, pp. 1906~
1914.

® Si, C., Yang, D., Hashimoto, T., “Can LLMs Generate Novel Research Ideas? A Large-Scale Human Study with 100+ NLP Researchers, ” arXiv
preprint arXiv: 2409. 04109, 2024.

© Zhao, Y., Zhang, R., Li, W., et al., “Assessing and Understanding Creativity in Large Language Models, ” arXiv preprint arXiv: 2401. 12491, 2024.

(@ Brand, J., Israeli, A., Ngwe, D., “Using LLMs for Market Research,” Harvard Business School Marketing Unit Working Paper, 2023.

® Shao, P., Xu, L., Wang, J., et al., “When Large Language Models Meet Law: Dual-Lens Taxonomy, Technical Advances, and Ethical Governance, ”
arXiv preprint arXiv: 2507. 07748, 2025.

©@ Chen, G., Fan, L., Gong, Z., et al., “Agentcourt: Simulating Court with Adversarial Evolvable Lawyer Agents,” Findings of the Association for
Computational Linguistics: ACL 2025, 2025, pp. 5850-5865.

@ Hou, Z., Ye, Z., Zeng, N., et al., “Large Language Models Meet Legal Artificial Intelligence: A Survey, ” arXiv preprint arXiv: 2509. 09969, 2025.
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5 U R/INIASA ) | BRI s (Bt 2 5 JE AR R LA ) A TRa (A FRA #3 5 AR 3 18] 43 BE A AL
) FIEPIPR ORI S IR i B ) DUFPE SR PR A B, KA 7 P 3 AT 45 vp S B0 M g 3 )
PE, JEHA T A, HUoRp iR R Ty, [ME R S s Rl stk . b4, GPT-3.5-Turbo (PSR
PR RN A8 i R — 3K, X e AR AR S i — e A B ORIE 1 N ) P B A 1 2 P A — 3
M, WA RIS JE—2, HBIEXT GPT-3.5 Fl GPT-4 [ KUK P 5k (1432 4 AR T 1 00 #r, RHX
R AR T R 2 5 /N S A0 DO B ) e B0 B e R AR A B, R S R RS A S S L T, A S
A2 1] T B B PRI, X SR KA RIAR AT BER T —Fhor 2O o . foe % e, R
TE W SR 25 A S A XU U3 2

(Z) KBRBAXHERSH G ML

TR FRAE AR AR, I8 A KB BIAES R ALO R 2 i 2 N R B, I i B A5 4t
SR RS OB RS ARSI NI, W AR AL 2 B B TR 56 SR R B R AL
EAERE AL SR B bl &, HER HR N T . M A, AT AR ER ST AT
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The Era of Large Models: Human-like Attributes and
Social Implications of Generative Artificial Intelligence

CHEN Zhuo, CHEN Yunsong
Abstract: Generative Al has exhibited a range of human-like attributes. Through its broad applicability, powerful
content-generation capabilities, intuitive modes of interaction, and strong adaptability, it is driving a new wave of
technological transformation. These characteristics enable generative Al to simulate human perspectives, cognitive
processes, and emotional expressions within specific contexts, thereby exerting extensive and profound influences on
social structures and patterns of social relations. This article systematically reviews key findings and core perspectives in
recent digital sociology research on the social implications of generative Al. Grounded in an examination of the human-
like attributes of large models, it provides an in-depth analysis of their potential impacts across three critical domains:
reshaping economic paradigms and labor markets, reconfiguring political power, and transforming cultural production and
social relations. While generative Al offers unprecedented opportunities for social development, it simultaneously gives
rise to complex economic, political, and socio-ethical challenges, underscoring the urgent need for interdisciplinary

dialogue and rigorous empirical research.

Key words: large models, generative large models, generative artificial intelligence, digital sociology
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